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Tsz Nam Chan Pak Lon Ip Leong Hou U

Hong Kong Baptist University University of Macau University of Macau
edisonchan@comp.hkbu.edu.hk SKL of Internet of Things SKL of Internet of Things

for Smart City for Smart City

paklonip@um.edu.mo ryanlhu@um.edu.mo
Byron Chol Jianliang Xu
Hong Kong Baptist University Hong Kong Baptist University
bchoi@comp.hkbu.edu.hk xujl@comp.hkbu.edu.hk

Overview of Kernel Density Visualization (KDV)

Given a location dataset P (e.g., black dots In (b)),
we need to color each pixel q based on the kernel

density function Tp(b )(q).
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KDV Is Sensitive to the Bandwidth Parameter b

Domain experts choose multiple

”P bandwidths, by, b,,..., by, specify the

Ly resolution size of the plane, X X Y,
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Share-and-Aggregate Framework (SAFE)
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Theoretical Results Experimental Results
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